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The Relative Effects of Industry and Task Experience on Auditors’ Sensitivity to Cues in Going-Concern Judgments: A Signal Detection Theory Approach

ABSTRACT
Auditors must evaluate whether there is “substantial doubt” about an entity’s ability to continue as a going concern, using relevant informational cues (AICPA 2004).  This study investigates the relative effect of industry-specific and task-specific experience on an auditor’s sensitivity to informational cues encountered when making such a judgment.  While it seems natural to assume that prior experiences matter to individuals’ judgment processes, there has been little research investigating the relative effect of an auditor’s different prior experiences on the going concern judgment process.  We draw upon signal detection theory (SDT) for this study’s theoretical motivation and its analysis.  SDT is well suited for investigating an individual’s sensitivity to informational cues in judgments where the outcomes are well specified.  Such is the case in the going concern judgment.  

Sixty auditors, 43 with manufacturing industry experience and 17 without, participated in an experiment in which they determined the likelihood of going concern problems for firms in the manufacturing and casino gaming industries.  The auditors varied in the extent of their prior experience in judging going concern issues (their task-specific experience).  The results of the experiment suggest that their industry experience increased participants’ sensitivity to informational cues on going concern judgments more than their task-specific experience did, when judgments were made for firms in the manufacturing industry, hinting at a larger role for industry experience than task experience in the going concern judgment.  

The Relative Effects of Industry and Task Experience on Auditors’ Sensitivity to Cues in Going-Concern Judgments: A Signal Detection Theory Approach

INTRODUCTION
Since an audit firm relies on its members’ knowledge when providing services, that knowledge is an economic resource for the firm.  This suggests that an audit firm should attempt to manage its knowledge in a way that will meet the firm’s goals, whether those goals are to maximize profitability, achieve operating efficiency, or avoid harm to firm reputation.  Such knowledge management requires the firm to understand the specific types of knowledge needed to complete different tasks in order to assign its members to tasks appropriately.  
Practically speaking, however, it often is difficult for an enterprise to determine its members’ particular kinds of knowledge.  In part, this stems from problems in defining knowledge categories, but it also derives from the difficulty that individuals face in articulating the knowledge they possess.  For this reason, firms often look at experience as a close proxy to knowledge.  In accounting contexts, Libby (1995) has conjectured that experience and ability combine to create knowledge.  In turn, knowledge and ability affect task performance.

One of the most significant tasks that an audit firm faces is the evaluation of whether there is “substantial doubt” about an entity’s ability to continue as a going concern (AICPA 2004).  Since this evaluation is required on each financial statement audit, it is a fitting context in which to study the trade-off between different types of experience that may influence performance in the task.  The importance of the going concern judgment has led to much academic interest in the subject, including efforts to better understand the determinants of superior judgment (Asare 1990; Rosman, Seol & Biggs 1999).
Ordinarily, an auditor comes to a going concern judgment only after careful consideration of all relevant informational cues.  The present study investigates the relative effect of industry-specific and task-specific experience on an auditor’s sensitivity to the cues encountered when making the going concern judgment.  While it seems natural to assume that prior experiences matter to individuals’ judgment processes, there has been little research investigating the relative effect of an auditor’s different prior experiences on the going concern judgment process.  Thus, our aim is to contribute to the understanding of this important audit decision.  To do so, we draw upon signal detection theory (SDT) for this study’s theoretical motivation and its analysis.  SDT is well suited for investigating an individual’s sensitivity to informational cues in judgments where the outcomes are well specified.  Such is the case in the going concern judgment.  


Sixty auditors—43 with manufacturing industry experience and 17 without—participated in an experiment in which they determined the likelihood of going concern problems for firms in the manufacturing and gaming industries.  The auditors varied in the extent of their prior task-specific experience:  judging going concern issues.  The results of the experiment suggest that specific industry experience increases sensitivity to informational cues on going concern judgments made for firms in the industry.  Further, within the industry context, task-specific experience seems not to improve participants’ sensitivity to these informational cues.  Overall, the results suggest that industry-specific experience may play a larger role than task-specific experience in the going concern judgment.


The paper continues with a review of the background literature and development of the research hypotheses.  The research method and experimental results follow.  The paper concludes with a discussion of the limitations and implications of this research.

THEORY AND HYPOTHESES

Signal Detection Theory
Diagnostic tasks—those requiring the ability to tell whether signs of trouble or opportunity are present in a situation—are an important dimension of accounting decision making.  SDT provides a theoretic model that can be used to evaluate these decisions, since it measures the ability of a judge to discriminate a signal from noise (Swets, 1986).  The outcome of a diagnostic task can be captured in a 2 x 2 table.  In one dimension, the situation either can contain a true signal (e.g., a sign of trouble) or not.  In the second dimension, the judge either can recognize the signal or not.  Exhibit 1 shows the four possible outcomes.
[Insert Exhibit 1 here.]

The array of four possible outcomes can be summarized by the hit rate and the false alarm rate, since these values simultaneously capture decision maker sensitivity and bias (Swets 1988).  The value of SDT as an analytical framework is its ability to independently capture  judges’ accuracy and bias.  Accuracy is a measure of the ability to discriminate a signal from noise.  Bias is the effect of different factors on the judge’s response.  These measures have been used in a variety of different fields, ranging from medical diagnosis and human perception to word recognition and search and rescue operations.  Ramsey and Tubbs (2005) discuss the applicability of SDT to accounting research, arguing that traditional methods of measuring accuracy (e.g., percentage correct) do not factor out the effect of bias.  
Signal Detection in Prior Accounting Research

While many studies in psychology and other fields have used a signal detection theory framework, few in accounting research have used the methodology to examine their hypotheses.  Sprinkle and Tubbs (1998) studied the effects of audit risk and information importance on the auditor’s reliance on memory during work paper review.  The authors argued that signal detection methods are appropriate to study recognition memory where the independent variables are expected to influence decision criteria and accuracy
Ramsey and Tubbs (2005) discuss the applicability of signal detection theory to diagnostic tasks in accounting and use signal detection methodology to reanalyze data in two previously published accounting studies, finding more-refined implications than prior analyses were able to suggest.  In particular, the authors found that an SDT approach yielded additional insights regarding the type of errors auditors identified and their bias toward identifying conceptual errors.  

Auditors’ Going Concern Judgments


Absent information to the contrary, entities are assumed to be going concerns—that is, it is assumed they will meet their existing obligations as they become due in the coming year (AICPA 2004).  Although SAS No. 59 provides a general approach (AICPA 2004), there is no definitive algorithm that an auditor can rely upon to evaluate whether substantial doubt exists regarding this assumption for a given firm (Ellingsen, Pany & Fagan 1989).  


In an effort to model auditors’ approaches to this judgment, most going concern research acknowledges the importance of identifying problem firms as part of the process.  Thus, Asare (1992) characterizes the going concern judgment process in two stages.  In the evaluation stage, the auditor forms an assessment about the entity’s financial status.  In the decision stage, the auditor decides whether to modify his or her report.  Mutchler (1984) interviewed 16 partners to determine a separate set of variables that are useful for identifying problem companies and determining which problem companies should receive report modifications.  Finally, Biggs, Selfridge, and Krupka (1993) divided the evaluation of substantial doubt into four processes.  First, an auditor must recognize that a going concern problem exists; second, he or she must understand the causes of that problem.  This causal understanding provides the basis to evaluate management’s mitigating plan of action (a third process) and ultimately decide whether to modify the audit report in the final process.


To specify the processes and knowledge that an individual uses in this task, Biggs et al. (1993) derived the GCX model, a cognitive computational model of the going concern judgment.  The GCX model identifies nine types of knowledge in three broad categories:  financial knowledge, client-event knowledge, or procedural knowledge (Biggs et al. 1993).  Our examination focuses on the latter two categories from the perspective of an individual’s experiences.  Included in client-event knowledge is an understanding of the client’s position in comparison to others in its industry or to an expected industry standard.  Procedural knowledge includes an understanding of the task at hand, here, coming to a going concern judgment.  We discuss the differences between these knowledge types below. 

Industry-Specific Knowledge

In describing the types of knowledge required for audit task performance, Bonner and Lewis (1990) maintained that “subspecialty knowledge related to specialized industries” is likely to be important in various audit tasks.  Comparably, Bedard and Chi (1993) argued that knowledge of the “specific industry” is important to audit task performance.  The empirical evidence is also consistent with the important role suggested for industry-specific knowledge.  Bedard and Biggs (1991b) found that auditors with more recent manufacturing industry experience were better able to determine whether hypotheses inherited by management were consistent with a pattern of financial statement discrepancies in a manufacturing case.  Solomon, Shields and Whittington (1999) provided evidence not only that industry specialists possess more complete knowledge of business operations in their own specialized industry, but also that such knowledge benefits task performance in the specialized industry.  More specifically, industry-specific knowledge has also been shown to be important to an auditor’s going concern judgment performance.  Selfridge and Biggs (1990) argued that industry-specific knowledge is important to understanding the cause of a going concern problem and evaluating management’s mitigating plan of action.  Therefore, the decision-making performance of an auditor is expected to be better in going concern judgments made in his or her own specialized industry, leading to the following hypotheses (stated in the alternate form):

Hypothesis 1 (the role of industry experience): Auditors with manufacturing experience (“manufacturing auditors”) will be more accurate in evaluating substantial doubt in a manufacturing context than in a novel industry context.
Hypothesis 2 (the role of industry experience):  Manufacturing auditors will be more accurate than non-manufacturing auditors in evaluating substantial doubt in a manufacturing context.

Task-Specific Knowledge


There is evidence that well-developed knowledge for a specific task enables an individual to better distinguish between relevant and irrelevant information (Bedard & Mock 1992; Bonner 1990).  In experimental settings, audit experience as measured by years or rank has been tied to audit judgment performance (Bedard & Biggs 1991a; Bonner 1990; Frederick & Libby 1986).   Certain direct measures of knowledge also have been shown to be important to task performance (Bonner & Lewis 1990; Bonner, Davis & Jackson 1992).  Indeed, the empirical evidence clearly indicates that task experience (Abdolmohammadi & Wright 1987; Bedard & Biggs 1991b; Bierstaker et al. 1999) or task knowledge (Bonner & Lewis 1990; Thibodeau 2003) is important to task performance.  Given the results of research in this area, we propose our third hypothesis (stated in the alternate form):
Hypothesis 3 (the role of task experience):  Manufacturing auditors with going concern experience will be more accurate than manufacturing auditors without going concern experience in evaluating substantial doubt in a manufacturing context.

METHOD

Participants

Sixty auditors, ranked as in-charge accountant or higher, at an international auditing firm participated in the experiment.  Although partners make the final going concern decision, Choo and Trotman (1991) highlighted the importance of in-charge accountants in the identification of problem firms.  They reported that seniors are “heavily involved in assessments of the likelihood of company failure.”  As such, the range of participants’ experience is appropriate to make the initial assessment of substantial doubt in the going concern judgment.  Respondents were deemed to be “manufacturing auditors” if the amount of time they reported spending on manufacturing clients was at least 10% of their total client time.  Forty three of the participants had sufficient experience in the manufacturing industry to be so classified; the remaining seventeen were considered to be “non-manufacturing.”
  None of the auditors had gaming industry experience.  Therefore, the experiment featured firms in the casino gaming industry as the novel industry context.  The experiment was administered to the auditors at either their place of business or at a training class.

Experimental Materials

The experiment formed the second half of a two-experiment administration.
  The present experiment’s materials were separately distributed.  The general instructions informed the participants that the experiment investigates how auditors evaluate the financial statements of various firms.  During the administration, one of the authors read the instructions aloud and answered participants’ questions.  Participants did not use any reference materials and did not confer with each other during the experiment.  Neither did they face any time limits.


The materials consisted of four cases, with each case focused on a single firm.  Two cases featured the financial statements of firms in the manufacturing industry; two involved firms in the casino gaming industry.
  The income statement and cash flow statement were provided in summary form to decrease the time required for analysis.   Each case also included 16 financial statement ratios, provided to decrease the time required for analysis.  All of the information provided was marked as “audited.”  Cases were based on the financial information of real, publicly traded firms.  The cases identified the firm’s industry, but used fictitious names for the firm.  The companies were not clients of the audit firm that supplied the participants for the study.  The order of case presentation was randomized to minimize order effects.


The companies were selected to maximize the differences in judgment accuracy (Rosman et al. 1999).  As such, the financial statements showed that the companies were comparable in the following ways:  each company had a positive equity balance, positive working capital, a net loss and a zeta-score in the range that would indicate possible bankruptcy (Altman 1983).  A synopsis of each of the four companies follows.

ABC Manufacturing.  ABC Manufacturing is a designer, manufacturer and marketer of pianos and organs.  The company faces a downward trend in sales volume due in part to rising interest rates.  However, the company has begun to respond to sales declines by decreasing its costs, indications of which can be detected from the financial information provided.  (Specifically, despite decreased sales volume, the gross profit percentage has increased and operating expenses have decreased.)  Thus, despite a 71% decrease in retained earnings in the past two years, the company did not go bankrupt.  ABC Manufacturing’s zeta-score is -2.45.

DEF Manufacturing.
DEF Manufacturing is manufacturer and marketer of aluminum, copper, and brass.  The company is facing a substantial decrease in sales volume due to decreased demand for one of its primary products, together with increased competition from foreign firms.  The decreased demand has caused a significant drop in selling price, which has led to a declining gross profit percentage.  The company has not yet responded in a manner that is adequate to deal with its lower sales volume.  However, the current year is the first year in which the firm recorded a net loss.  The company filed for bankruptcy.  The zeta-score for DEF Manufacturing is 1.49.

ABC Casino.  ABC Casino is engaged in the ownership and development of casino gaming and resort facilities.  During the current year, the company sold assets resulting in a significant loss, which was the primary reason for the current year’s net loss.  However, during the year the company also faced a declining gross profit percentage.  This decline may underlie the change in ownership control that occurred in the company during the current year, which can be seen in the financial statements through an increase in goodwill and long-term debt.  The company filed for bankruptcy.  ABC Casino’s zeta-score is .07.


DEF Casino.  DEF Casino also is engaged in the ownership of casino gaming and resort facilities.  During the current year, the company’s investment in property, plant, and equipment increased dramatically, with a portion of the increase funded by the issuance of additional debt.  As a result of increased debt over the past three years, interest expense has risen steadily.  Selling, general, and administrative expenses have also risen dramatically from the prior year.  In addition, the company experienced its second consecutive annual net loss.  The company did not go bankrupt.  The zeta-score for DEF Casino is .95.


Participants were instructed to complete each case independently of the others.  Participants were asked to assume that they were the in-charge accountant for the client firm and that the engagement partner had requested them to analyze the firm and assess the firm’s status as a going concern.  Specifically, participants were told that the engagement partner would use their analysis to help decide whether to issue a going concern modification for the client firm.  Thus, they should “include any of [their] thoughts and insights about the firm that [they] would consider important” to the partner’s judgment, “list[ing] the points (in bullet format) that [they] would include in a memo to the engagement partner.”

In their individual assessment regarding the firm’s going concern status, participants rated the likelihood that the firm faced a going concern problem by using a 10-point scale, anchored by “high likelihood that [the firm] will fail in the coming year”(10) and “low likelihood that [the firm] will fail in the coming year”(1).
The assessment corresponds to the evaluation stage of the going concern judgment (Asare 1992).  In the evaluation stage, an auditor forms an initial belief about a firm’s going concern status based on the information evaluated.  Rosman et al. (1999) contend that using the evaluation stage of the going concern judgment in an experimental context is appropriate because the accuracy of the judgment can be measured objectively (see also Choo 1996; Thibodeau 2003).  Specifically, bankruptcy can be used as the criterion to measure a problem firm.  Although there may be instances where an auditor does not modify the report of a bankrupt firm (see Kida 1980), Rosman et al. (1999) point out that “a bankrupt company does embody sufficient key indicators (e.g., recurring operating losses), so that one would expect auditors to have substantial doubt about its continued existence.”  Therefore, in the present study, bankruptcy is used as the criterion to measure a problem firm.
Post-Experimental Questionnaire.  At the conclusion of the fourth case, participants provided information about their job title, years of public accounting experience, years of education, prior going concern judgment experience, and percentage of time spent working on clients in specific industries, among other items.  
RESULTS
Signal Detection Measures

As discussed earlier, signal detection theory is based on the ability of judges to distinguish signals (evidence of an event’s occurrence or of a characteristic situation) from noise, where results can be arrayed as in Exhibit 1

Swets (1988) shows that a measure of accuracy that is independent of individual judges’ decision criteria and the number of judgments made can be described by the combination of true positives (“hits”) and false positives (“false alarms”).  This measure is called A, representing the area under a receiver (or relative) operating characteristic (ROC) curve.  Exhibit 2 describes the steps taken to calculate A, using hypothetical, simplified data.
  Constructed this way, A ranges to a maximum of 1.0 (complete accuracy).  Random outcomes would result in A = .50.  For the experiment’s analysis, we cumulated the ratings of each case at each of the ten rating steps (likelihood of failure in the coming year), across the different classes of participants, and calculated cumulative proportions as indicated in Exhibit 3.
[Insert Exhibit 2 here.]
Tests of hypotheses

The role of industry experience.  Hypothesis 1 posits that manufacturing auditors will be more accurate in judging manufacturing contexts than novel industry contexts.  Indeed, manufacturing auditors showed an A = .76 (n = 43) on the manufacturing cases, compared to an A = .62 on the casino cases.  In order to test Hypothesis 2, we compared the above results with those from the sample of auditors who did not have manufacturing experience (n = 17).  For the manufacturing cases in that group, A = .69 and for the casino cases, A = .77.  The differences within the manufacturing auditor group and between that group and the non-manufacturing auditors appear to support both hypotheses, suggesting that industry knowledge may improve accuracy within the industry context.
 
The role of task experience.  Hypothesis 3 holds that task knowledge will help determine auditor accuracy.  Specifically, manufacturing auditors with going concern judgment knowledge will be more accurate than manufacturing auditors without that knowledge, when judging manufacturing cases.  To test this, we divided the manufacturing auditors into those with and without going concern judgment knowledge.  Those with going concern judgment experience had A = .72 (n = 20) on the manufacturing cases; those without had A = .79 (n = 23).  For comparison, the two groups were approximately equal on the casino judgments—those with going concern judgment experience, A = .60; those without, A = .61.  The results do not support Hypothesis 3, suggesting rather that going concern judgment experience was not a discriminating factor among these judges.  Data related to the three tests discussed above appear in Exhibit 3.
[Insert Exhibit 3 here.]

CONCLUSIONS


The results suggest that manufacturing auditors were more accurate on the going concern judgments completed in the manufacturing industry than in the casino gaming industry, and that they were more accurate on manufacturing industry cases than non-manufacturing auditors were.  This suggests that industry-specific experience is important to going concern judgment performance.  At the same time, task-specific experience did not seem to increase accuracy, even allowing for industry experience.  Taken together, these results hint at a more important role for industry experience than task experience in this judgment process.  Increasingly, audit firms are requiring their auditors to specialize along industry lines.  Despite this trend, little is known about the linkage between industry specialization and audit task performance (Solomon et al. 1999).  
The results of this study suggest that industry-specific experience is an important factor in a significant audit task.  This finding is consistent with recent literature highlighting the importance of industry-specific knowledge to performance in the going concern judgment (Biggs et al. 1993) and in other audit tasks (Bonner & Lewis 1990; Solomon et al. 1999; Wright & Wright 1997).  Moreover, if borne out by further testing, this finding can contribute to our understanding of the types of knowledge that are needed to complete various audit tasks (Bedard & Chi 1993; Bonner & Lewis 1990).
Limitations
Our study is subject to the usual limitations of experimental research.  Although we did not impose any time constraints on the participants, even a preliminary judgment about a firm’s ability to continue as a going concern may take more time and deliberation than can be provided for in a laboratory setting.  Further, although our materials were taken from actual financial statements, there is always the chance that auditors use other factors than we provided to enhance their judgments.

Implications

If borne out by further testing, the present results have both theoretical and practical implications.  From a theoretical perspective, the results point out the importance of understanding how experienced auditors organize industry knowledge and audit task knowledge in their cognition and how they may use their experiences as touchstones for these different types of knowledge (e.g., Reisbeck & Schank 1988; Schank & Abelson 1977).  


From a practical perspective, the results suggest that audit firms may be taking steps to improve their knowledge management by organizing audit teams by industry group.  However, the challenge still remains for these groups to share their knowledge across industry contexts.  That is, if audit task judgment is influenced by industry experiences, then this judgment may develop at differing rates across the firm, depending on industry experiences.  Rather than have each industry group “re-invent the wheel” on these judgments, firms need to develop ways to share knowledge across industry borders.
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Exhibit 1

Signal Detection Outcomes
	
	Signal present in situation

	No signal in situation

	Judgment that signal is present

	True positive (“hit”)
	False positive (“false alarm”)

	Judgment that signal is absent
	False negative (“miss”)
	True negative (“correct rejection”)


Exhibit 2

Calculating the Signal Detection Measure, A
	Response category
	Number in category for going concern case (signal present—a hit)
	Number in category for no going concern case (signal absent—a false alarm)
	Category proportion

for GC case
	Category proportion

for no GC case
	Cumulative proportion

for GC case (H)
	Cumulative proportion

for no GC case (FA)
	Ag

	5

(high likelihood of failure)


	10
	3
	.20
	.06
	.20
	.06
	—

	4
	15
	5
	.30
	.10
	.50
	.16
	.035


	3
	13
	10
	.26
	.20
	.76
	.36
	.126


	2
	8
	14
	.16
	.28
	.92
	.64
	.235


	1 (low likelihood of failure)


	4
	18
	.08
	.36
	1.00
	1.00
	.346

	Total
	50
	50
	1.00
	1.00
	
	
	.742


Data presented here are for illustration only and do not come from the reported experiment.  For simplicity, five categories of responses are shown.  The reported experiment used ten.  Ag is an estimate of the area under the receiver operating characteristic (ROC) curve, where the points of the curve are determined by the cumulative proportions of “false alarms” (FA, x-axis coordinates) and “hits” (H, y-axis coordinates).  Ag estimates the area by calculating the area of the trapezoids formed by adjoining categories under the curve:  Σi [(FAi+1 – FAi) x (Hi+1 + Hi) / 2].  Thus, the area under the curve between Category 5 and Category 4 is
(.16 - .06) x (.50 + .20) / 2 = .035.  Perfect accuracy results in total Ag = 1.00; random accuracy is reflected by a total Ag of .50.
Exhibit 3

Data for Hypothesis Tests

Panel A.  Manufacturing auditors (n = 43)
	Response category
	Cumulative proportions in the four cases

	
	GC—Manufacturing
	No GC—Manufacturing
	GC—Casino
	No GC—Casino



	10
	.00
	.00
	.00
	.00

	9
	.05
	.00
	.05
	.00

	8
	.26
	.02
	.09
	.07

	7
	.40
	.09
	.23
	.09

	6
	.47
	.09
	.33
	.16

	5
	.49
	.28
	.47
	.26

	4
	.72
	.37
	.63
	.56

	3
	.93
	.53
	.86
	.70

	2
	1.00
	.84
	.95
	.84

	1
	1.00
	1.00
	1.00
	1.00


Panel B.  Non-manufacturing auditors (n = 17)
	Response category
	Cumulative proportions in the four cases

	
	GC—Manufacturing
	No GC—Manufacturing
	GC—Casino
	No GC—Casino



	10
	.00
	.00
	.00
	.00

	9
	.12
	.00
	.00
	.00

	8
	.18
	.06
	.18
	.00

	7
	.35
	.12
	.35
	.00

	6
	.35
	.12
	.41
	.00

	5
	.47
	.24
	.47
	.06

	4
	.65
	.47
	.65
	.41

	3
	.94
	.65
	.88
	.53

	2
	1.00
	.88
	1.00
	.82

	1
	1.00
	1.00
	1.00
	1.00


Panel C.  Manufacturing auditors by task experience

	Response category
	Cumulative proportions in the four cases

	
	GC experience 

(n = 20)
	No GC experience

(n = 23)
	GC experience

(n = 20)
	No GC experience 

(n = 23)


	
	GC Mfg. 
	No GC Mfg. 
	GC Mfg. 
	No GC Mfg. 
	GC Casino 
	No GC  Casino 
	GC Casino 
	No GC Casino 


	10
	.00
	.00
	.00
	.00
	.00
	.00
	.00
	.00

	9
	.00
	.00
	.09
	.00
	.05
	.00
	.04
	.00

	8
	.10
	.00
	.39
	.04
	.10
	.10
	.09
	.04

	7
	.30
	.00
	.48
	.17
	.15
	.10
	.30
	.09

	6
	.35
	.00
	.57
	.17
	.25
	.15
	.39
	.17

	5
	.40
	.30
	.57
	.26
	.45
	.25
	.48
	.26

	4
	.75
	.40
	.70
	.35
	.65
	.55
	.57
	.61

	3
	.90
	.60
	.96
	.48
	.75
	.65
	.96
	.74

	2
	1.00
	.85
	1.00
	.83
	.95
	.85
	.96
	.83

	1
	1.00
	1.00
	1.00
	1.00
	1.00
	1.00
	1.00
	1.00


Response scales were anchored by “high likelihood that [the firm] will fail in the coming year” (10) and “low likelihood that [the firm] will fail in the coming year” (1).

� The results are qualitatively the same if this definition is relaxed to include the seven respondents who reported that their manufacturing experience consisted of more than 0% but less than 10% of their time.


� The first experiment focused on the financial analysis of potential loan losses.  Since those results are not germane to the present experiment and are reported separately elsewhere, we omit discussion of them here.


�  The summary income statement consisted of net sales, cost of goods sold, gross profit, SG & A expense, research & development expense, income (loss) from operations, interest expense, other income or expense, income (loss) before income taxes, income tax expense (benefit), and net income (loss).  The summary cash flow statement consisted of the three standard categories of cash provided by (used for) operations, investment activities, and financing activities. 





� For this preliminary analysis, we use an approximation, Ag, which is amenable to quick calculation without specialized software.  Ag calculates the area under the ROC curve by dividing that area into trapezoids.  The more generally accepted measure, AZ, calculates the area after “smoothing” the ROC curve via a maximum likelihood approach. Ag tends to underestimate the AZ area (Macmillan & Creelman 1991).  


� Once again, at this early stage of analysis, we are not able to provide hypothesis tests, pending the more detailed analysis of our data with software capable of signal-detection calculations.


� We also acknowledge data limitations at this stage in our research.  For example, we know that a stronger test of our hypotheses would compare judges who have task experience but no manufacturing industry experience and judges who have no task experience but manufacturing industry experience.  At present, we do not have enough participants in the first group to produce a reliable result from this test.
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