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Performance Measurement Systems and Strategic Analysis Extensiveness:  

Auditor’s Usage of Balanced Scorecards and Performance Benchmarks 
Abstract

Among the less explored users of performance measurement systems (PMS) is the auditor who in the last decade has increasingly focused on the outputs of management accounting systems. This focus has arisen due to audit practitioners and standard setters advocating that the auditor obtain a more in-depth understanding of client business to better aid in risk assessments and audit planning judgments. Hence, audit practitioners have turned to strategic management, especially strategic analysis, for more formal means of understanding the client’s business. Strategic management research emphasizes the use of performance measures to determine how successful management is in implementing its strategy, leading the auditor to a greater focus on the client firm’s PMS. Furthermore, the strategic management literature recommends that performance measures be benchmarked. It is likely that benchmark data are unavailable for at least a subset of the performance measures, especially in strategic business units (SBUs) employing unique to the SBU measures. We examine how auditors react to the output of PMS where the PMS has varying benchmark data availability and when the auditor is provided with a more or less extensive strategic analysis. We employ a balanced scorecard as our PMS given its emphasis in the management accounting literature and its use by audit firms as a training tool. As expected, we find evidence that auditors focus on benchmarked measures when they only had factual information about the client with limited strategic analysis.  We also find evidence that when auditors are provided with a more extensive strategic analysis (holding factual information constant) they employ a broader set of performance measures in making their risk judgments than auditors provided with a less extensive strategic analysis. This research contributes to both management accounting and audit research by providing evidence on the judgmental effects of differential benchmark data availability and evidence about how differential strategic analysis extensiveness affects user interpretation of PMS outputs.
Performance Measurement Systems and Strategic Analysis Extensiveness:  

Auditor’s Usage of Balanced Scorecards and Performance Benchmarks 

Introduction

As a result of changes in audit practice in the past decade, all major audit firms now consider strategic business risks at the firm level when making judgments about the risk of material misstatements in client financial statements (Bell, Marrs, Solomon and Thomas 1997; Lemon, Tatum and Turley 2000; ISA 315 2003).   Auditors have also realized that the information from clients’ performance measurement systems (PMS) can be used to inform their judgments about client risks.  Furthermore, firm level strategic analysis is typically supplemented by an examination of strategy implementation for individual business units (e.g., Morrison and Roth 1992).  Since the extent to which an auditor conducts audit tests on individual strategic business units (SBUs) depends on the units’ perceived riskiness, SBU-level PMSs provide potentially useful information for judging SBU risk (Mediori and Steeple 2000; Thomas, Pollock and Gorman 1999; Venkatraman 1989).  The auditor’s combined evaluation of firm-level and SBU-level performance results emulates the approach used by management to evaluate the relative success of a SBU’s strategy implementation (Mia and Clarke 1999).  Consequently, auditors should develop a better understanding of a client’s risk profile based on the PMS information that they consider. 
Management accountants who design PMSs emphasize the development of performance measures that reflect what the specific SBU needs to do to successfully implement its strategy (e.g., Kaplan and Norton 1996; 2001; Simons 2000).  Auditors typically use data from a client’s PMS to discover whether the organization’s performance is as expected (Kinney and McDaniel 1996) or performance results indicate that gaps exist in management’s strategy as implemented at the SBU level (McDaniel and Kinney 1995).   Furthermore, management’s reaction to perceived performance gaps provides the auditor with evidence of management’s effectiveness at addressed and mitigating important risks (Mia and Clarke 1999).  Poorly performing SBUs, as revealed by performance gap analysis, are more likely to manipulate accounting information to present a successful façade to the world than well performing SBUs (Elliott, Rasmussen, Rucker, Strange, and Williamson 1999; Eilifsen, Knechel and Wallage 2001; Knechel 2001).  Consequently, the auditor assesses the relative risks associated with an SBU as a precursor of allocating relative audit effort and intensity as required by current audit standards (ISA 315).  

The evaluation of SBU performance can be facilitated through the use of benchmarks (e.g., Thompson and Strickland 1998, 121-123).  Benchmarks may be established based on performance of other units in the same firm (Elnathan, Lin and Young 1996), the industry as a whole (e.g., Davis and Duhaime 1992) and/or specific leading competitors (e.g., Chen 1996; Ghoshal and Westney 1991).  Therefore, benchmarks are likely to be considered by auditors when evaluating whether a performance gap exists, especially benchmarks from sources external to the client firm (Waddington, Moreland, and Lillie 2001; Hirst 1994).  However, there are limits as to the quality and availability of benchmark data (Elnathan et al. 1996; McGonagle and Fleming 1993; Wouters, Kooke, Theeuwes and van Donselaar 1999) and it is likely that some SBU-specific performance measures will not have readily available benchmarks (McGonagle and Fleming 1993; Elnathan et al. 1996).
 

Strategic management accounting researchers suggest that benchmarked performance measures “are used most effectively by a company with a top down strategic business plan framework” (Murray, Zimmermann, and Flaherty 1997). Management accounting researchers also acknowledge that managers and employees can have a differential understanding of the firm and/or the units’ strategy (Kaplan and Norton 2001).  Indeed, one of the major advantages cited by the balanced scorecard advocates is that it improves communication of a firm’s/unit’s strategy (Kaplan and Norton 2001; Malina and Selto 2001). Furthermore, audit firms supply training on use of the BSC for understanding the client’s business even if the client does not have their PMS in that format (Bell, Peecher and Solomon 2002; Knechel 2001; KPMG 1997).  We know from prior audit research (e.g., O’Donnell and Schultz 2005, Greenwood and Salterio 1999), that the extensiveness of strategic analysis performed on an audit engagement can vary greatly.  Hence, the audit setting provides us with a natural environment to examine whether differential strategic knowledge affects judgments based on a common form of PMS, the balanced scorecard.  

When evaluating strategic risks in a client, we hypothesize that auditors will focus on performance gaps revealed by the subset of performance measures for which benchmark data are available given the typical level of understanding of a client’s business implied by existing audit standards.  We provide experimental evidence consistent with the existence of such a focus on SBU-specific performance measures.  Specifically, the presence of benchmarks causes auditors to ignore relevant risk assessment information in performance measures that do not have benchmarks.  We establish this auditor focus on benchmarks to understand the effects of differential benchmark data on judgment, and as a prelude to examining how the effect may be ameliorated by an increased strategic understanding of the client that goes beyond traditional fact based knowledge of a client’s business (e.g., AU Section 311 Planning and Supervision paragraphs .03 to .08 (AICPA 2000)).  We hypothesize and find that auditors provided with a more extensive strategic analysis incorporate a broader set of performance measures into their risk assessments than auditors with a less extensive strategic analysis.

The remainder of this paper proceeds as follows. First, we use structural alignment theory and mental models theory to develop our hypotheses about the judgmental effects of benchmarks and the ameliorating effects of a more extensive strategic analysis. Second, we outline the experimental design and related procedures. Third we present our results.  Fourth, we conclude with a discussion of our limitations and contributions.
Structural Alignment Theory and Evaluation Judgments

Markman and Medin (1995) employ structural alignment theory to posit that decision makers consider two types of attributes when making evaluations across a set of elements: alignable differences and non-alignable differences.
  Alignable differences arise in cases where the corresponding values occupy different points on the same dimension (e.g., an MBA applicant with a Bachelor of Arts degree from a regional state university may be compared to an applicant with an Ivy League undergraduate arts degree), or where there exists a matching relationship between the items (e.g., all applicants in a MBA applicant pool have work experience but in different industries).  Non-alignable differences are features available for one candidate or option being evaluated but for which there are no corresponding features in other candidates or options.  Non-alignable differences include features that that are unique to each item (e.g., one MBA applicant is a CPA and the other has a Master of Science degree) or features missing from one item and not the other (e.g., one MBA applicant’s file has a results from an alumni interview and the other does not).  For example, performance measures that are common across SBUs would be considered alignable whereas measures that are unique to a SBU would be considered non-alignable (Slovic and MacPhillamy 1974; Lipe and Salterio 2000).
Markman and Medin (1995) present evidence consistent with structural alignment theory’s primary prediction: participants view alignable differences as decision relevant and use those features in evaluating information and making judgments; they do not use non-alignable features in their judgments.
  Hence, assessments based on alignable differences will affect judgments more than assessments based on non-alignable differences.  In our context, performance measures that are common to multiple SBUs would be more decision relevant to decision makers.  Markman and Medin (1995) suggest, however, that given sufficient cognitive effort, decision makers can establish alignability across dimensions that are not readily alignable.  Consistent with this claim, Kurtz, Miao and Gentner  (2001) find that participants who engage in a more effortful comparison process are better able to detect the similarities and relations between two analogous scenarios (see also Zhang and Markman 2001).
 One way of reducing the cognitive effort is to provide an easily usable judgment heuristic, for example, categorizing the nonalignable measures and making judgments at the category level, which eases the cognitive effort in processing the heretofore nonalignable measures (Moreau, Markman and Lehmann 2001; Lipe and Salterio 2002).  
Based on this analysis, we expect that when both benchmarked and nonbenchmarked measures are available for an SBU, those that are benchmarked can be considered a category, “performance relative to benchmark,” creating alignability that would not otherwise exist in SBU-unique measures.  For an SBU where a subset of unique measures exhibit good performance versus benchmarks (i.e., a small performance gap between benchmark and actual performance), we would expect an auditor to evaluate the SBU as relatively successful in meeting its strategic objectives, even when the non-benchmarked common measures are inconsistent with that conclusion. Measures that are common across SBU’s and also benchmarked, would reinforce the effect discussed above as the benchmarks would, if anything, increase the focus on the common measures (Slovic and MacPhillamy 1974; Lipe and Salterio 2000).
After evaluating the performance results for an SBU, the auditor considers the implications for SBU-level risk assessment.  The auditor is more likely to conclude that the SBU’s business risk and risk of material misstatement are relatively lower based on positive performance signals observed in benchmarked (alignable) measures than if he/she had incorporated negative performance revealed by non-benchmarked (non-alignable) performance measures.  We initially examine benchmarks in the setting where the auditor collects extensive factual data about the client’s business, but does not have an extensive strategic analysis of this factual data.  This setting is consistent with current audit standards in some countries including the US (see AU Section 311 Planning and Supervision paragraphs .03 to .08 (AICPA 2000)), audit methodologies of non-Big 4 audit firms (Lemon, Tatum and Turley 2000), and past audit practice of Big 4 audit firms (Lemon et al 2000).
  Thus, based on our theoretical analysis, our first hypothesis is (stated in alternative form):

H1:     In the absence of an extensive strategic analysis, auditors’ focus on performance gaps in benchmarked performance measures in making risk assessments to a greater extent than performance gaps from non-benchmarked performance measures. 

Mental Models and Relative Extensiveness of Strategic Analysis
The extent of managerial understanding of corporate or business unit strategy can vary greatly (Kaplan and Norton 2001).  This difference in understanding can be due to limitations in the effort decision makers put into acquiring available information (Elnathan, Lin, and Young 1996), costs associated with processing data in a noisy environment (Briers, Chow, Hwang, and Luckett 1999), and/or the cognitive effort required to process the data while avoiding information overload (Chewning and Harrell 1990; Iselin 1988).  While the new audit risk standard ISA 315 (ISA 2003) requires that an auditor gather and process numerous diverse information cues about the client and its business environment, the extent to which an auditor performs strategic analysis can vary greatly due to direct out-of-pocket costs and cognitive effort (e.g., O’Donnell and Schultz 2005).  
Choy and King (2005) investigate practice based assertions (Bell et al., 1997) that the output of an auditor’s strategic analysis, i.e. a client business model, is analogous to a mental model.  Choy and King (2005) employ an abstract experimental market setting where they provide one group of participants with a partial template (their operalizationization of a mental model) designed to assist the participants to develop a model that accounts for the observed pattern in an experimental task that they are to solve; other participants were not given this template.  They find that those participants with the partial template outperform other participants in the experiment.
  However, a significant number of the participants who received the template in the first experiment chose not to purchase the template when it was no longer provided for free in a second experiment.  Choy and King (2005) speculate that the choice to not purchase the template reflects participants’ conclusion that the combined information processing costs and out of pocket costs exceed the benefits of having the template.  Interestingly, the “template provided” participants that did not purchase the template in the second experiment performed better than those who did not have a template in the first or second experiment, suggesting a learning effect for those subjects.  However, the participants that acquired the template in the second experiment performed better than all other subjects.
Following Choy and King’s (2005) mental models analysis, we draw further on mental models theory to inform our research. Legrenzi, Girotto and Johnson-Laird (1993) and Legrenzi and Girotto (1996) provide evidence that individuals tend to consider only the information that is explicitly represented in their mental models in decision making, or in other words, the models guides what information is to be extracted from the overall data available to the decision maker.
  Information (i.e. objects, properties, and relations among them) in mental models is said to be explicitly represented in an individual’s model when it is available for inference and decision-making (O’Malley and Draper 1992, 73; Rickheit and Sichelschmidt 1999, 10).  Due to the limited capacity of working memory (Baddeley 1986; Legrenzi, et al. 1993), individuals tend to build models that are as parsimonious as possible given the goals the individual seeks to achieve (Rickheit and Sichelschmidt 1999, 22).  
Mental models theory assumes that the decision maker is the one who develops and “runs” the model.  Distributed cognition theory suggests that people create and apply dynamic mental models in working memory by combining information stored in their long-term memory and information extracted from the environment (Payne 1991a; 1991b).
  If a mental model is a dynamic representation created in working memory by combining information stored in long-term memory and characteristics extracted from the environment (Norman 1983; Cañas and Antolí 1998), then an auditor provided with a more extensive strategic analysis (as opposed to creating the strategic analysis), would also benefit from the more extensive explicit mental model when making judgments.  
Hence, we posit that provision of a more extensive strategic analysis allows an auditor to develop a more elaborate mental model.  The more elaborate model results in more information cues (i.e., more performance measures) being slotted into working memory so they are available for performance gap analysis and allows for a more detailed understanding of relationships among the cues.  Therefore, the auditor employing his/her mental model as a heuristic has a more complete set of performance measures available to base his/her analysis of performance gaps and to determine the effects on risk assessments.  In contrast, those auditors provided with a less extensive mental model are likely to focus on the benchmarked performance measures (as already discussed) as their mental model does not aid them in reducing the costs of information acquisition and processing.  Based on our analysis, we hypothesize that:  

H2: 
An auditor provided with a relatively more extensive strategic analysis will consider a more comprehensive set of performance measures and resultant performance gap implications in making risk assessments than the auditor who has a relatively less extensive strategic analysis provided. 

Experimental Design and Procedures

The experiment features an ANOVA design with three independent variables:  benchmark availability, performance measure type and extent of strategic analysis.  Benchmark data are provided (not provided) for the two subsets of performance measures (common to both SBU and/or unique to each SBU) in the context of factual information about the client’s business (held constant across conditions) but with differing levels of strategic analysis provided (more extensive or less extensive).  The experimental materials constitute a case describing a women’s retail clothing multi-divisional chain. All versions of the case include the necessary factual data required to carry out a strategic analysis at the company level (see Appendix Part A).  All versions of the case describe the control environment as well as the BSC version of a PMS that is in place in each SBU.  All versions of the case have the same combination of performance measures that are common across SBUs or unique to individual SBUs..  The performance measures are defined in all versions to ensure that participants understand the measures.
    
Independent Variables  

In all cases, the BSCs feature a column labeled “industry benchmarks”.  All versions of the case included the same set of financial measures, including some industry benchmarks.  For the other three categories of performance measures included in the BSCs (i.e., customer-related, internal processes and learning and growth), benchmarks were manipulated as present or absent in various combinations for the subsets of performance measures that are common or unique to an SBU.  This yielded four possible types of measures for an SBU: (1) common/benchmarked, (2) common/not benchmarked, (3) unique/benchmarked, and (4) unique/not benchmarked.  No further information is given about the benchmarks. We randomly assign the BSC measures to “alignable” (benchmarked) and “nonalignable” (no benchmark) categories. 
To determine if benchmark availability affects judgments (i.e., focuses the decision maker on the category treatment of “comparison to benchmark”), we examine the auditor’s interpretation of the performance gap between expected and actual results.  A SBU with relatively stronger performance, as measured by the performance gap between actual performance and a related benchmark, is considered less risky than the SBU that exhibits weaker performance on the benchmarked measures, even though the non-benchmarked measures indicate the exact opposite pattern of performance.  The only difference between cases is the label “industry benchmark” as the performance gaps are the same at the overall BSC level whether one compares to benchmark (when available) or to internal management target (always available).  Hence, we do not confound the addition of benchmarks with new performance information as would occur if we allowed the performance relative to benchmark to be different than performance relative to target.  
Exhibit 1 presents the performance measures, actual performance, management targets and benchmarks used for RadWear and PlusWear.  In all cases, RadWear’s common measures indicate better performance than the same measures in PlusWear and the opposite pattern is found for the SBU-unique measures.  Of course, the SBU-unique measures are different in RadWear and PlusWear but pre-testing did not find any difference in perceived diagnostisity of the unique division measures or higher perceived diagnosticity for the common measures over the unique measures.
The Appendix shows the manipulation of strategic analysis extensiveness.  Part B illustrates the “less extensive” condition: a brief summary of the risks and related performance measures in a single paragraph.  Part C illustrates the “more extensive” condition: a detailed list of business risks and the related audit implications.  No new case facts are added to the extensive strategic analysis, so in principle, the participants could create the more extensive analysis themselves as they have all the data necessary to do so.
  
The manipulation of strategic analysis extensiveness was subject to two pre-tests.  First, a panel of ten strategic management professors from several top research universities were asked to examine the two strategic analyses and evaluate the following: 1) that the strategic analyses were minimally acceptable at the MBA level; 2) that the more extensive strategic analysis was more extensive then the less extensive strategic analysis; and 3) that no new facts were presented in the more extensive strategic analysis.  With minor changes to the instrument we achieved consensus that we had minimally acceptable strategic analyses at the MBA level in both conditions, that more extensive analysis was in fact more extensive, and that no new factual data was introduced in the more extensive analysis.

Second, the two revised strategic analyses were circulated to a panel of ten partners in the audit firm providing participants for this experiment.  These partners were asked to evaluate whether either, neither or both strategic analyses would be acceptable on an audit engagement.  They were also asked to suggest revisions they would recommend for either analysis.  The partners found the more extensive strategic analysis to be an “average” to “above average” strategic analysis and suggested only minor revisions in wording.  The partners stated that the less extensive strategic analysis would be unacceptable in practice and that they would have required extensive changes to make the analysis minimally acceptable.  However, there was little consensus about what revisions were needed to make the less extensive analysis minimally acceptable.  Given this lack of consensus (including follow-up discussions with many of the partners) and based on the diversity in strategic analysis observed in previous field research (Bell et al. 2002; Eilifsen et al. 2001; Greenwood and Salterio 1999), we made minor wording changes to the less extensive strategic analysis.  This makes our extensiveness of strategic analysis manipulation “strong” if one accepts the partners’ contention that it would be unacceptable in practice.  Furthermore, due to this concern, we elicited a post-hoc assessment from our participants about their perception of the acceptability of the strategic analysis they received in the case.

Dependent Variables 

We use two dependent variables in the tests of our hypotheses: the difference in auditor’s individual SBU business risk assessments and the difference in auditor’s individual SBU risk of material misstatement assessment (i.e. RadWear risk assessments minus PlusWear risk assessments). We elicit the risk assessments using 101-point Likert scales (see Exhibit 2).  To test H1, we examine, within the less extensive strategic analysis condition, the differences in risk assessments with the expectation that the SBU with relatively better performance on the benchmarked measures will be judged less risky than the SBU with relatively better performance on the nonbenchmarked measures.  To test H2, we test whether the auditor focus on benchmarked measures in making risk assessments in the less extensive strategic analysis condition is significantly reduced in the more extensive strategic analysis condition.  

We also elicit the participants’ judgments of the extensiveness of the strategic analysis and the importance of benchmarks to the risk assessment judgments.  To rule out alternative explanations for our findings, we also examine whether participants saw differences in the performance of the two divisions relative to each other, their relative degree of familiarity with the BSC, and their beliefs about their use of performance measures to assess risks. In each case we used scaled measures similar to those shown in Exhibit 2. 
To provide evidence that differences in mental models are what cause the posited effects of strategic analysis extensiveness, we measure the extensiveness of the participants’ mental models using relatedness ratings (Cooke 1994; 1999; Rowe and Cook 1995).  We asked participants to rate the “degree of relationship” of all possible pairs of key concepts embedded in the strategic analysis. If differences in the extensiveness of mental models drive the posited reduction in focus on benchmarked measures, we will find that measures of conceptual network elaborateness are higher when participants are presented with a relatively more extensive strategic analysis (Cooke 1994; Lowe and Cook 1996; Van der Veer and Melguizo 2003).

Results
Our sample consists of 125 audit seniors from one Big 4 firm with an average of 25 months of experience.  Table 1 presents demographic information about the participants.  There were no significant differences in the demographic variables that affected the experimental results either as main effects or in interactions with the independent variables.
    
The auditors, across experimental cells, do not differ in their perceptions of the importance of benchmarks in making risk judgments (p > 0.59) and do not see any difference in overall SBUs’ performance (p > 0.8) in the various combinations of strategic analysis and benchmark presence.  The auditors, again across experimental cells, are equally familiar with the BSC (p > 0.90), and do not believe they favour any of the performance measures when assessing risks (p > 0.90). 
Test of H1 – Focus on measures with benchmark data

To test our first hypothesis, we examine whether those SBU’s whose benchmarked performance measures indicate stronger performance lead auditors to make relatively lower risk assessments despite the offsetting negative performance information found in the SBU’s nonbenchmarked performance measures.  Employing a MANOVA on the two dependent variables, we find a marginally significant main effect in that the auditor gave lower risk assessments to the SBU with better performance relative to benchmark (p < 0.10).  Upon further examination, we find this marginally significant effect is driven by the condition where the measures unique to the SBU are benchmarked in each division (see Table 2, Row 3) and more in the case of assessment of business risk rather than risk of material misstatement (Table 2, Row 5).  We find that no other combinations of benchmarks (both common and unique measures benchmarked, no measures benchmarked except the financial measures, and measures in common across divisions benchmarked) were significantly different from each other (p > 0.60, see Table 2 Row 6).  Hence, we collapse these three benchmark combinations into one condition, denoted “all other” in Table 3 Row 2 in Panels A and B.  
Rerunning the MANOVA analysis for both risk assessments using just two conditions (“FOCUS” versus “All others”, see Table 3 Column I in Panels A and B), we find a statistically significant difference in risk assessments (Wilk’s λ = 0.91 F (2, 60) = 2.88 p < 0.04, untabulated). Follow-up ANOVAs indicate a significant difference in business risk assessment (F (1, 61) = 5.80, p < 0.01, untabulated) and a marginally significant difference for risk of material misstatement assessment (F (1, 61) = 1.99, p < 0.09, untabulated).
Following Libby, Salterio and Webb (2004), we also examine whether the cell differences are significantly different from zero.  Both the means and medians are significantly different from zero, but only in the condition where SBUs’ unique measures are benchmarked.  This analysis reinforces the results of  the preceding comparative analysis suggesting the benchmarks create a focus on the SBUs’ unique performance measures that indicate better performance despite the offsetting poorer performance of the SBU in the non-benchmarked but common SBU measures.
However, contrary to H1 and to research in management accounting (e.g., Lipe and Salterio 2000), we find no focus effect for benchmarked performance measures that are common to both SBUs.  Both theory and prior research suggests that, at the very least, we should find an effect for those measures comparable to that found for benchmarking the SBU-unique measures.  We are uncertain as to how to interpret this result, but none of our reported results are affected if we eliminate this cell from our analysis. 
Manipulation check – extensiveness of strategic analysis
The participants who received the more (less) extensive strategic analysis did not judge there to be a difference in the extensiveness of the analysis provided (p > 0.35).  Hence, to determine if differences in extensiveness of strategic analysis are associated with differences in mental models we examine the conceptual networks that are developed from the ratings of conceptual relatedness, a commonly employed means of measuring differences/similarities in mental models (Cooke 1994; Lowe and Cook 1996; Van der Veer and Melguizo 2003).
We identified 12 case specific concepts that we posit serve as nodes in the conceptual network (see Table 4).
  Each participant was asked to rate all possible (66) pair-wise links between these concepts on a scale from 0 to 10 (see Table 4 for scale).  Employing the Pathfinder algorithm to compute the conceptual network of significant (p < 0.05) pair-wise relationships we find auditors in more (less) extensive strategic analysis condition develop, on average, 37 (33) significant links between the concepts.
  However, there are only 14 links in common between the two networks indicating relatively low commonality.  Indeed, the coefficient of similarity, a measure of the commonality between the two networks, is C = 0.250, where 0 is very dissimilar and 1 is identical conceptual networks.
  
The overall correlation for the concept relatedness ratings for the two extensiveness levels is 0.127 (p < 0.10), where 0 is no correlation and 1 is perfectly correlated.  Employing a 95% confidence interval around this sample mean, the upper bound of the confidence interval is 0.31.  Thus, our sample’s 0.127 correlation is significantly less than 1 (perfect correlation, p < 0.001) while being only marginally greater than 0 (no correlation, p <0.10).
We also examine whether the two networks differ in relative internal consistency employing the coherence statistic (KNOT 1990).
  The network developed from the more extensive strategic analysis participants’ ratings displays a higher degree of coherence (0.024 coherence statistic) than the network developed from the ratings of less extensive strategic analysis participants (-0.083 coherence statistic).
  

Overall, we found that the participants provided with a more extensive strategic analysis had conceptual networks that were different from, and more coherent than, those provided with a less extensive strategic analysis, as proxied by linkages among conceptual networks in a Pathfinder analysis.  Thus, we conclude that the strategic analysis extensiveness manipulation is associated with differences in participants’ mental models.
Test of H2 – Strategic analysis mitigating focus on benchmarked measures
Our test of the second hypothesis focuses on the 2X2 design that resulted after collapsing three cells into one as indicated in the test of H1.  The independent variables in the test of H2 are extensiveness of strategic analysis (more/less) and focus on unique to SBU benchmarked performance measures (versus “all other” combinations).  Table 3 reports the means (standard deviations), medians and cell sizes employed in this test.  
We perform a MANOVA with business risk judgment and risk of material misstatement judgment as the two dependent variables.  We find a significant interaction between the relative extensiveness of strategic analysis and the existence of the benchmark performance focus (Wilk’s λ = 0.92, F (2, 120) = 3.55, p < 0.04 untabulated).  We perform follow-up ANOVAS on the individual dependent variables of business risk and risk of material misstatement.  As can be seen in Table 5 Panel A, there is a significant interaction for the business risk assessment (F (1, 124) = 6.96, p < 0.009) between the focus on favourable SBU-unique benchmarked performance measures and the strategic analysis extensiveness.  The ANOVA for the risk of material misstatement yields no significant differences (all p > 0.30 see Table 5 Panel B).  A plot of the cell means (see Figure) reveals patterns that are very similar across the two risk assessments.
To determine if the more extensive strategic analysis reduces the focus on SBU-unique benchmarked performance measures, we conduct paired t-tests (adjusted for unequal variances) for the Table 5 Panel A means.  The more extensive strategic analysis participants show a significant reduction (t= 2.65, p < 0.02) in the focus on the favorable SBU-unique benchmarked performance measures. Indeed, the focus is virtually eliminated in the more extensive strategic analysis condition’s risk assessment (mean = -0.69, median 2.5) whereas there is no effect of the more extensive strategic analysis on the “all others” risk assessment. Hence, as we expected, the more extensive strategic analysis provides the auditor with the ability to derive meaning from a wider set of performance measures in the gap analysis, despite the focus provided by the favourable SBU-unique benchmarked performance measures. 
Given the similarity in the Figure between Panels A and B, we also explore the risk of material misstatement assessment means via paired t-tests on the extensiveness strategic analysis conditions.  For the favourable SBU-unique benchmarked performance measures in the more extensive strategic analysis condition,  there is a marginally significant reduction in risk assessment of 5.51 (t = 1.41 p < 0.09) whereas there is no change in the “all other” risk assessments in the less extensive strategic analysis condition.  This post-hoc test provides some corroborating evidence that the more extensive strategic analysis reduces the focus on favourable SBU-unique benchmarked performance measures for the risk of material misstatement in addition to the significant findings for business risk.
Supplementary Analysis

We follow up our tests of H2 with an analysis of participants’ mental models associated with differences in the strategic analysis extensiveness within the two SBU-unique benchmarked performance measures experimental cells and within the two “all other” experimental cells. For the two SBU specific measure benchmark measure cells auditors in the more extensive strategic analysis conditions develop, on average, 52 significant links between concepts, while the auditors in the less extensive strategic analysis develop 31 significant links.  These networks had 20 links in common, with an overall 0.317 coefficient of similarity (C).
 The relatedness ratings in the more extensive strategic analysis cell are also more consistent (0.155 coherence statistic) than in less extensive strategic analysis cell (0.016). 
When we compare networks within two “all other” measures experimental cells, auditors in the more extensive strategic analysis cell develop a more complex network. The number of significant concept relatedness links in the network is, on average, 37 for the more extensive strategic analysis cell and 31 for the less extensive strategic analysis cell.  However, the difference between the two groups is much smaller absolutely than in the case of SBU specific performance measures cells and we find only 14 links in common with a 0.246 coefficient of similarity.
  In addition, we observe higher levels of data coherence when participants in the “all others” cells have a more extensive strategic analysis (0.087) versus those in the less extensive strategic analysis cell (-0.064). 

Overall, based on the network analysis, we conclude that mental models developed by participants with a focus on favorable SBU specific benchmarked measures were statistically significantly different between the levels of extensiveness of strategic analysis, thus corroborating results reported in Table 5 and Figure. Combined with results of pair wise t-tests reported above, we conclude that when auditors are not provided with SBU-specific benchmarked measures, they continue to develop more complex and more internally consistent mental models in the more extensive strategic analysis condition; however, the extent of such change is not sufficient to generate statistically significantly different risk assessments.      
Conclusion and Limitations
In this paper, we have explored the use of a performance measurement system (PMS) by an auditor when making risk assessments.  We find evidence consistent with the hypothesis that the auditor’s use of PMS’s output to assess risks in a business unit is affected by the presence of partial or incomplete sets of benchmarks.  Furthermore, the impact of benchmarks is reduced by the extensiveness of the strategic analysis available to an auditor.  These issues are relevant to both auditors and management accountants.  Partial sets of benchmarks are commonly found in PMSs, especially when performance measures are unique to a SBU.  Despite calls for benchmark research in management accounting (Elnathan et al. 1996) there are few studies that address the judgmental effects of benchmarks on managerial judgment (Briers et al. 1999 being an exception).  The relative extensiveness of strategic analysis provided to an auditor is similar, in principle, to differential managerial understanding of a firm’s or SBU’s strategy and again there has been limited study of this issue.  

In our research, we examine how auditors react to the output of a PMS where it provides varying amounts of benchmark information and when the auditor has a more or less extensive strategic analysis available. We employ a BSC as our PMS given its emphasis in the management accounting literature and its use by audit firms as a training tool.  Of course, there are limitations to our design including:  the use of auditors with approximately two years of experience who are all employees of the same firm, the use of a single case with less information than would be available in practice, use of generic versions of the firm’s audit approach due to competitive concerns, and the implementation of the experiment on paper rather than via the firm’s automated audit software, again due to firm competitive concerns.  

We found that an incomplete set of benchmarks had predictable effects on auditors’ judgments where benchmarks favoured one SBU over another SBU and nonbenchmarked measures suggested the opposite pattern of performance.  In particular, we found that favourable performance according to benchmark comparisons led auditors to judge an SBU as less risky.  However, this focus effect only occurs in the case where the benchmarked measures are the ones unique to the SBU (i.e., measures that reflect the specific SBU strategy) not when the benchmarked measures are common to all SBUs.  This focus effect may well extend to other managerial settings given that the theoretical basis for the prediction of focus is a well established and extensively tested theory, structural alignment theory, and we know of no mitigating factors in the managerial setting.  Further, we find that auditors provided with a more extensive strategic analysis of the client firm employ a broader set of performance measures (i.e., overcome the focus effect) in making their risk judgments than auditors provided with a less extensive strategic analysis. Again, given the theoretical foundation for our predictions based on mental models theory, we see no reason that differential interpretation of PMS output would not exist cross-sectionally among managers with different levels of understanding of their firm’s or SBU’s strategy.  

In the audit realm, we investigate one of the implicit claims of new audit risk standard proponents (ISA 315 (ISA 2003)) that more extensive strategic analysis allows the auditor to make better judgments.  In our context, we define “better” as incorporating more decision relevant information operationalized as the information contained in the nonbenchmarked performance measures.  This definition of “better” is consistent with its use in psychology research (e.g., Dawes 1979; Hastie and Dawes 2001) and in economic models (e.g., Feltham and Xie 1994; Datar, Kulp and Lambert 2001; but see Yim 2001 for boundary conditions). 
On the other hand, it may be argued that external benchmarked measures should be considered as increasing the quality of the evidence available to the auditor (Wright and Mock 1985) since such measures originate from an independent source (Hirst 1994; Joyce and Biddle 1981).  Furthermore, industry benchmarks may allow for greater precision in determining the success of strategic implementation than performance relative to management targets given the many different managerial motivations that may be at work when management sets performance targets (e.g., Locke and Latham 1990)  To the extent that the benchmarked performance measures should be accorded more weight in auditor risk assessments (Waddington et al 2001; McDaniel and Kinney 1995; Kinney and McDaniel 1996), then the opposite conclusion holds given our experimental results.  That is, more extensive strategic analysis leads to a lack of focus on the more diagnostic information, akin to the dilution effect (e.g., Hackenbrack 1992; Shelton 1999), resulting in relatively “poorer” auditor judgments.
Overall, our research yields insight into the little-studied area of auditor usage of PMS, provides insights into judgmental effects of partial benchmarks (a likely common occurrence in PMSs that has not been studied), and supports the argument that more extensive strategic analysis (or strategic understanding) results in differences in information processing and judgment.  Furthermore, depending on ones’ interpretation, more extensive strategic analysis can be seen as either a boon to judgment by allowing more relevant data to be incorporated into judgment; or as a feature that dilutes the evidential effects of more independent, and potentially more strategically informative, evidence provided by the industry benchmarked measures.  Further research would likely be beneficial in both audit and management accounting settings to examine the implications of these findings and their robustness across settings.
Exhibit 1

Balanced Scorecard Performance Measures and Benchmarks
Benchmarked performance measures are manipulated by deleting whichever benchmarks are not required for the treatment condition. Note that the benchmarked performance in being better for either RadWear or PlusWear is nested in the common and the unique to one division measures. 
RadWear Balanced Scorecard

Actual Results, Targets and Industry Benchmarks

	Category and Measures
	Actual Result
	Target
	%

Above

(Below)

Target
	Industry

Benchmark

(where

available)
	%

Above

(Below)

Industry

Benchmark

	Financial (F)

	Sales growth = [2003 sales – 2002 Sales]/2002 sales
	33.3%
	33.7%
	(1.19%)
	33.6%
	(0.89%)

	Return on sales = divisional NI/divisional sales
	23.0%
	23.3%
	(1.29%)
	23.1%
	(0.43%)

	Market share relative to target market
	57.6%
	58.3%
	(1.20%)
	
	

	Same store sales growth
	15.8%
	16.0%
	(1.25%)
	
	

	Customer-Related (C)

	Returns by customers as % of sales
	8.5%
	8.3%
	2.41%
	8.4%
	1.19%

	Average markdowns required to sell stocked merchandise
	12.2%
	12.0%
	1.67%
	12.1%
	0.83%

	Average age of inventory in days
	30.5
	27.3
	11.72%
	28.3
	7.77%

	Average number of items per sale
	2.30
	2.53
	(9.09%)
	2.50
	(8.00%)

	Internal Processes (I)

	Out of stock items
	14.3%
	14.1%
	1.42%
	14.2%
	0.70%

	# of customer complaints per 100 transactions
	1.20
	1.18
	1.69%
	1.19
	0.84%

	% of orders to suppliers placed through EDI
	39.6%
	43.6%
	(9.17%)
	43.0%
	(7.91%)

	% of merchandise represented by accessories
	16.9%
	18.0%
	(6.11%)
	18.2%
	(7.14%)

	Learning and Growth (L)

	Investment in technology/revenue
	8.8%
	8.9%
	(1.12%)
	9.0%
	(2.22%)

	% of store managers who are university graduates
	14.9%
	15.1%
	(1.32%)
	15.0%
	(0.67%)

	% of part-time staff
	57.8%
	54.0%
	7.04%
	51.9%
	11.37%

	% increase in 24X7 availability of retail website
	10.4%
	11.2%
	(7.14%)
	11.4%
	(8.77%)


Note: NI means “net income”; # means “number”; % means “percentage.”

Exhibit 1 (Continued)
PlusWear Balanced Scorecard

Actual Results, Targets and Industry Benchmarks

	Category and Measures
	Actual Result
	Target
	%

Above

(Below)

Target
	Industry

Benchmark

(where

available)
	%

Above

(Below)

Industry

Benchmark

	Financial (F)

	Sales growth = [2003 sales – 2002 Sales]/2002 sales
	31.4%
	31.8%
	(1.26%)
	31.7%
	(0.95%)

	Return on sales = divisional NI/divisional sales
	21.7%
	22.0%
	(1.36%)
	21.8%
	(0.46%)

	Market share relative to target market
	54.3%
	55.0%
	(1.27%)
	
	

	Same store sales growth
	14.9%
	15.1%
	(1.32%)
	
	

	Customer-Related (C)

	Returns by customers as % of sales
	8.0%
	7.4%
	8.11%
	7.2%
	11.11%

	Average markdowns required to sell stocked merchandise
	11.5%
	10.5%
	9.52%
	10.6%
	8.49%

	Customer satisfaction index
	88.8
	89.5
	(0.78%)
	90.0
	(1.33%)

	% of sales to repeat customers
	23.6%
	24.0%
	(1.67%)
	23.8%
	(0.84%)

	Internal Processes (I)

	Out of stock items
	13.5%
	12.0%
	12.50%
	12.3%
	9.76%

	# of customer complaints per 100 transactions
	1.13
	1.03
	9.71%
	1.04
	8.65%

	% of merchandise represented by major brands
	70.4%
	71.1%
	(0.98%)
	71.0%
	(0.85%)

	% of customer sales placed through Internet
	13.7%
	13.9%
	(1.44%)
	13.8%
	(0.72%)

	Learning and Growth (L)

	Investment in technology/revenue
	8.3%
	9.0%
	(7.78%)
	8.8%
	(5.68%)

	% of store managers who are university graduates
	14.1%
	15.1%
	(6.62%)
	15.3%
	(7.84%)

	Training hours per employee
	8.49
	8.57
	(0.93%)
	8.59
	(1.16%)

	Productivity improvements per employee
	3.0%
	3.1%
	(3.23%)
	3.0%
	0.0%


Note: NI means “net income”; # means “number”; % means “percentage.”

Exhibit 2
Elicitation of business risk, risk of material misstatement and relatedness measures
1. Based on your review of the information about WCS and its RadWear division, please assess business risk for RadWear. (Business risk is the risk that the division will not attain its business objectives as a result of external and internal factors, pressures, and forces impacting the company; ultimately, business risk is the risk associated with the client’s survival and profitability). Please place a “/” on the scale below to indicate your assessment.
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2. Based on your review of information about WCS and its RadWear division, please make a preliminary assessment of risk of material misstatement for the RadWear division of WCS. (Risk of material misstatement is the risk that the division’s unaudited financial statements contain a material misstatement, given entity’s existing internal controls.) Please place a “/” on the scale below to indicate your assessment.
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. . . . . . . . . . . . 

30. Please use the scale below to rate the degree of relationship between the following concepts as they apply to both RadWear and PlusWear divisions of WCS (place an “X” on a scale below for each item). Please note that the items are randomly assigned to “Concept 1” or “Concept 2”, no directional relationship is to be inferred by this random assignment. . . . . . 
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	Concept 1
	Concept 2
	

	Industry competition
	Aggressive sales growth
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Figure
Interaction Plots for Auditors’ Assessments of Business Risk and 
Risk of Material Misstatement 
Panel A: Business Risk Assessment Differences
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Panel B: Risk of Material Misstatement Assessment Differences
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Table 1
Demographic Data
	Variable
	N
	Mean
	Std Dev
	Minimum
	Maximum

	Age (# years)

	123
	25.65
	2.54
	22.0
	35.00

	General Experience (# months)
	123
	24.86       
	9.16
	0.0        
	69.00

	Experience  in Apparel Industry (# of engagements)     
	125
	0.18
	0.49
	0.0
	3.00

	Experience  in Retail Industry (# of engagements)     
	125
	1.19
	2.66
	0.0
	25.00

	Percentage with professional accounting designation
	54 (43.2%)
	

	Gender (% female participants) 
	62 (50.8%)
	


Table 2


Means (Standard Deviations) and Medians for 
Risk Assessment Differences with a Less Extensive Strategic Analysis
	Benchmarked Measures
	Business Risk Assessment#
	Risk of Material Misstatement Assessment#

	1. All performance measures are benchmarked
	1.56
(21.1)

-1.0

N=16
	3.12
(13.96)

0.0

N=16

	2. Common/Benchmarked measures are favorable 
	1.22
(14.28)

5.0

N=18
	3.28
(10.21)

0.0

N=18

	3. Unique/Benchmarked measures are favorable
	16.71

(15.14)
20.0
N=14
	8.07
(8.45)
9.0
N=14

	4. No nonfinancial performance measures are benchmarked
	7.13
(23.36)
8
N=15
	2.80
(13.85)
0.0
N=15

	5. Test for a difference across    all four sets of measures*

	F(3, 62) = 2.23 p<0.10^
	F(3, 62) = 0.65 
p > 0.50

	6. Test for a difference across of all sets of measures excluding 3.**
	F(2, 46) = 0.45 
p>0.60

	F(2,46) = 0.01 
p > 0.99


# The raw risk measures are elicited as in Exhibit 2.  The reported numbers in this table are the differences between the risk assessments for the RadWear and PlusWear SBUs within each participant. None of the individual risk measures are significantly different from zero other than “3. PlusWear favourable benchmarked measures subset.” See Table 3 for results of significance tests for this cell.

* MANOVA on the two dependent variables with four versions as independent variable is marginally significant p < 0.10.
** MANOVA on the two dependent variables with three versions (i.e. excluding 3.) as independent variable is not significant p > 0.49.

^For the directional hypotheses, p-values are reported as one tailed. All other reported test results are two tailed tests.

Table 3
Means (Standard Deviations) and Medians for 
Risk Assessment Differences and Extensiveness of Strategic Analysis
Panel A: Business Risk Assessment Differences
	
	I. Strategic Analysis: 

Less Extensive
	II. Strategic Analysis:

 More Extensive

	1. FOCUS: Unique/Benchmarked measures are favorable
	16.71*
(15.4)
20.0**
N=14
	-0.69
(20.1)
2.5
N=16

	2. All other
	3.14

(19.4)
1.0
N=49
	5.74#
(16.6)
0.0
N=46


* Statistically significantly different from zero (t=4.13, p < 0.001) and from all others (F(1, 62) =5.80, p < 0.01).
** Statistically significant different from zero using sign rank test p < 0.02.

#  Statistically significantly different from zero (t=2.35, p < 0.03).
No other differences from zero and between Benchmark for PlusWear measures and all others.
Panel B: Risk of Material Misstatement Assessment Differences
	
	I. Strategic Analysis: 

Less Extensive
	II. Strategic Analysis:

 More Extensive

	1. FOCUS:

Unique/Benchmarked measures are favorable
	8.07*
(8.45)
9.0**
N=14
	2.56
(21.13)
0.0
N=16

	2. All other
	3.08#
(12.4)
0.0
N=49
	3.26##
(12.63)
0.0
N=46


* Statistically significantly different from zero (t=3.57, p < 0.001) and from all others (F(1, 62) =1.99, p < 0.09).

** Statistically significant different from zero using sign rank test p < 0.01.

# Marginally significantly different from zero (t=1.73, p < 0.09).

## Marginally significantly different from zero (t=1.75, p < 0.09).
No other differences from zero and between Benchmark for PlusWear measures and all others.
Table 5
Test of the Effects of Strategic Analysis Extensiveness on Risk Assessments
Panel A:  ANOVA Using Business Risk Assessment Differences as a Dependent Variable
	Source
	DF
	Sum of Squares
	F-Value
	Pr > F

	Extensiveness of STRATegy
	1
	1244.94     
	3.81    
	0.054

	FOCUS on PlusWear
	1
	289.92      
	0.89    
	0.348

	STRAT x FOCUS
	1
	2271.31     
	6.96    
	0.009

	Error
	121
	39499.16     
	
	

	Total
	124
	42129.95
	
	


Extensiveness of STRATegic analysis at two levels (more extensive, less extensive).  No new facts were introduced in the more extensive analysis.
FOCUS = Benchmarked measures subset favoured PlusWear division.
Panel B:  ANOVA Using Risk of Material Misstatement Assessment Differences as a Dependent Variable
	Source
	DF
	Sum of Squares
	F-Value
	Pr > F

	Extensiveness of STRATegy
	1
	161.32     
	0.87    
	0.351

	FOCUS on PlusWear
	1
	104.59
	0.57    
	0.453

	STRAT x FOCUS
	1
	183.75     
	1.00    
	0.320

	Error
	121
	22309.41    
	
	

	Total
	124
	22624.80
	
	


Extensiveness of STRATegic analysis at two levels (more extensive, less extensive).  No new facts were introduced in the more extensive analysis.

FOCUS = Benchmarked measures subset favoured PlusWear division.
Table 4
Case specific strategic concepts employed in Pathfinder network analysis 
· industry competition; 

· aggressive sales growth; 

· downward trend in prices; 

· divisional return on sales; 

· EDI/Internet/digital imaging; 

· efficiency of inventory management; 

· change in consumer tastes; 

· brand licensing; 

· suppliers' bargaining power; 

· staff training; 
· inventory stock-out, and 

· buyers' power.
1. See Appendix for case.
2. Random order of appearance in ratings.

3. Each of 66 pair-wise comparisons made on an eleven point scale as below:
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Appendix 

Experimental Case and Extensiveness of Strategic Analysis Manipulation
Part A is an extract from the experimental instrument about the common facts all participants had before reaching the strategic analysis. Part B is the less extensive strategic analysis. Part C is the more extensive strategic analysis, which introduces no new facts that were not available from Part A.

Part A: Facts Common to All Participants
Women’s Clothing Store, Inc.
Background

Women’s Clothing Store, Inc. (WCS) is a retailer specializing in women’s apparel. WCS is a public company that has five strategic business units (SBUs). Each SBU has retail outlets directed at a specific niche within the apparel market for women. WCS operates retail outlets throughout Canada and is currently considering entry into selected European markets.

WCS’s two largest SBUs are RadWear and PlusWear. There are 200 RadWear stores and 130 Plus Wear stores throughout Canada. RadWear’s main target customers are young urban girls, between 14 and 17 years of age; PlusWear’s market niche includes career women between 25 and 45 years of age, wearing sizes 12 and higher. WCS operates its SBUs in a fairly decentralized manner. Each SBU has a manager who is responsible for the SBU’s performance and for communication between WCS’s central administration and his/her SBU.

RadWear

RadWear is a relative newcomer to the WCS family and was developed in the early 1990s. RadWear’s management determined that its growth must take place through an aggressive strategy of opening new stores. RadWear also decided that it must increase the number of brands offered to keep the attention and capture the clothing dollars of its teenage customers. RadWear concluded that its competition radius is fairly small due to the low mobility of young teens.  

PlusWear

PlusWear is one of WCS’s older SBUs, having opened its first retail store in the mid-1980’s. PlusWear’s management chose to grow its sales through expanding the range of apparel in its stores and increasing the floor space of select stores. Thus, sportswear was added and the accessory line was increased in the 1990’s. PlusWear also decided to concentrate on a few high and mid-quality brand names so that its mature shoppers would be familiar and comfortable with the brands offered. Each PlusWear store views its main competition as those stores within a 15-mile radius that offer large-sized women’s wear.  

The primary competitors for WCS include:

· Department stores such as The Bay and Zellers (both owned by The Hudson Bay Company), and Sears Canada.

· Fashion chains such as BootLegger, Roots, and Dynamite for RadWear; Laura Plus, Toni+, and Melanie Lyne for PlusWear; Reitmans, Fairweather, and MEXX Canada, Inc. for all WCS divisions.

· Boutiques such as Classique Boutique, Designs by Dawnelle, and Nu Me.

Objectives and Strategies

WCS’s overall strategy is to identify niches in the women’s apparel market where they can create a successful and profitable chain of retail outlets.  Specifically, the WCS mission statement is:
“We strive to be an outstanding apparel supplier in each of the specialty niches served”

The CEO and top management team of WCS have developed a strategic agenda of seven common themes including:

1. Promoting aggressive growth

2. Maintaining overall margins

3. Creating customer loyalty

4. Building brand values

5. Offering quality products

6. Providing a superior shopping experience both in stores and on internet
7. Fostering employee skill development

These themes have been translated into the following specific corporate objectives and related strategies:

	Corporate Objective
	Strategies

	Each SBU should seek aggressive growth, measured relative to its market situation. Our corporate goal is 150% growth over five years.
	1. Increase share of customer wardrobe.

2. Enhance customer loyalty.

a. Merchandise must define our customer, her needs and aspirational image.

b. Our brand must satisfy the customer’s aspirational and lifestyle goals.

c. Our shopping experience must promote customer loyalty.

	Each SBU should build a dominant brand by clearly understanding our target customer and differentiating ourselves in meeting her needs.


	3. Do a superb job of defining who our customers are and understanding their buying behaviour.

4. Provide fashion and quality that customers perceive as high-value and consider to be fairly priced.

5. Offer brands of fashionable merchandise that satisfy our customers’ aspirational and wardrobe needs.

6. Ensure the highest quality and consistency of fit both within a style and across all product categories.


Given the publicly announced growth objective of 150% over five years, all SBU managers at WCS are compensated on sales growth in addition to a subjective performance evaluation based on their performance measurement system, a variant of the balanced scorecard (described in detail in a later section). As WCS is relatively decentralized, all accounting takes place at the SBU level and consolidated reports are prepared at national headquarters.
The Business Environment

The business environment of WCS consists of the following important components:

Interactions with Customers:

1. Markets: WCS pursues direct sales to mass markets via retail stores and has some of its inventory lines (stock keeping units or SKUs) for each SBU on-line for internet based sales.

2. Products and Services: The primary products are women’s retail clothing and accessories (e.g., belts, hats, socks and limited costume jewelry), both in-house brands and independent brands.

3. Customers: Typical customers for each SBU are:

a. RadWear: young urban teenage girls 14 to 17 years of age.

b. PlusWear: mature 25 to 45 year old career women wearing size 12 and higher.

Interactions with Suppliers:

1. Diversification: WCS purchases its inventory from a large number of apparel and accessories suppliers. The in-house brand inventory is produced by a small group of suppliers with which WCS has enjoyed a stable and long-term relationship.

2. Communication: WCS’s suppliers are required to use electronic data interchange (EDI) or other quick-response technology to allow the company maintain lean inventories and avoid overstocking.

Interactions with Other Parties:

1. Government/Regulation: Consumer protection laws, tariffs, free trade zones, labour and employment protection laws can all impact WCS. 

2. Alliances: WCS forms informal alliances with a diverse group of international women’s apparel manufacturers and suppliers.

3. Unions: Some WCS employees are members of the textile workers’ union.

Internal Operations and Business Processes:

1. Supply Chain Management: Acquisition of merchandise for sale is carried out at the SBU level. Transactions are subject to long payment terms with significant discounts for early payment. The process affects the accounts payable, inventory and the cost of goods sold accounts. The main accounting estimate at year end is allowance for obsolete inventory.

2. Relationship Management: This process includes stocking the optimal level of merchandise in each store and servicing customer demand in person and by having quick delivery of internet purchases. Sales transactions are highly routine and processed via an automatic scanner at the stores. Online sales system handles internet site sales via WCS’s own credit card or third party card (i.e. Visa). This process affects the balance sheet accounts of cash and credit card receivables as well as the sales account on the income statement. The principal accounting estimate is for shrinkage (theft of store merchandise).

3. Brand and Image Management: Each brand at WCS must be differentiated from the others and have a clear definition of the “ideal shopper.” Category dominance is the goal and is achieved by a close match between product and customer experience linked to brand advertising and promotions determined at the SBU level.  Advertising and promotions accounts are affected by this process.
4. Location Acquisition and Facility Management: The company leases stores at targeted malls on rolling five year lease terms. Rental expense and accruals include base rent and a percentage of sales. The process also includes negotiation of mall contributions to the costs of renovating and upgrading stores before and during occupancy.

5. Human Resource Management: Hiring and training of competent store managers, buyers, and other support staff such as web-site support people. Store managers handle the hiring of sales associate following protocols established by HR department. Financial statement effects relate to sales and wages expense, benefits expenses and accruals. 

6. Technology Management: Maintaining point-of-sale technology and internet sites in workable condition. Use of EDI for communication with suppliers to maintain inventories during quicker or slower cycles. Use of digital imaging and on-line fabric libraries to approve and transmit designs suggested by suppliers. Fixed asset acquisitions and repairs expense account are the principal accounts affected by this process.
7. Credit Management: Proprietary credit card operations to generate additional revenue and profits from interest payments. Administered as a method to drive sales through marketing and loyalty programs. Allowance for doubtful accounts is principal accounting estimate associated with this process.
External Business Drivers

Political and Regulatory Forces

· Government quotas or tariffs on textile suppliers abroad have the potential to change the cost structure of domestic clothing retailers. However, the General Agreement on Tariffs and Trade (GATT) requires that tariffs on variety of commodities (i.e. textiles) be decreased or completely removed. 

· The North American Free Trade Agreement (NAFTA) allows shorter shipping times compared with Asia, while also providing low-cost production.

· Child labour laws and third-world unfair labour practises can impact the perceived image of clothing retailers.

· China’s share of apparel sourcing is expected to increase, facilitated by its recent entry into the World Trade Organization (WTO) and the planned elimination of quotas between all 146 countries belonging to the WTO in 2005. 

Economic Factors

· Easing fears of recession from south of the border, the Canadian economy continued to grow between 2000 and 2003.  Real GDP increased 1.9% in 2001, 3.3% in 2002, and 1.1% at the end of 3rd quarter in 2003.
  

· Disposable income continued to increase, facilitating growth in consumer spending: 2.6% in 2001, 3.4% in 2002, and 5.1% at the end of 3rd quarter in 2003. 

· Economic conditions remained stable between 2001 and 2003 with an unemployment rate ranging between 7.2 and 7.7%, and showing employment growth of 1.1% in 2001, 2.2% in 2002, and 2% in the 3rd quarter of 2003.

· Consumer price index (CPI) remained between 2.1 and 2.6% throughout the 2001-2003 period, which is slightly above the midpoint of the target band of 1% to 3%.

· Canada has experienced a favourable exchange rate with the U.S.A. in recent periods.  A ten year high was reached in December 2003 with C$ 1.00 = US$ 0.77.

· The prime interest rate has been stable in the vicinity of 4.5% during the last three years.

Societal Changes

· New emphasis on casual clothes for work led career women to purchase sweaters, stretch blouses, zip-front tops, and pants. 

· Discretionary income of women has increased substantially over the past decade due to the increased participation of women in the workforce and decreased wage disparity with men.

· Shopping has become less of a fun pastime. Consumers attempt to limit the time they spend shopping and look to buy what they need as quickly as possible. This trend has been dubbed “precision shopping.” Another trend, known as “cocooning”, evolved as a result of flexible work schedules allowing women to work (and shop!) from home. 

· The average size of North American women has increased from size 8 in 1985 to 12 in 2002.  

· The dual career family has resulted in extra purchasing power among teenage girls who have access to increased allowances.

· The rise of “girl power” (epitomized by the rise of all-girl rock bands) has resulted in frequent fashion shifts, including edgy, urban fashions inspired by hip-hop, surfing and skate-boarding styles.

Technological Changes

· In the late 1990s, women’s clothing retailers began to develop an Internet presence.  With the emergence of online shopping women have the option of “virtually” fitting their clothing choices with a computer-aided model. 

· Development of new computer models has allowed for better management of inventories and forecasting of sales and profitability. 

· Improved point of sale technology allows for collection of extensive customer data thereby improving predictions of the customer’s purchasing decisions and creating conditions for more informed stock and ordering decisions.

· Retailers have embraced electronic data interchange (EDI) as a source of quick and accurate transactions with suppliers, thereby managing inventories during peak and slow periods.

Buyer Power 

· The consumer has very little negotiating power over prices other than waiting for periodic sales. 

· The consumer has the power not to purchase apparel at a particular retailer. She can also switch retailers if she is not satisfied with the apparel, the selection, the prices, or the customer service.

· Specific independent brands may only be carried by a small number of select retailers. 

Supplier Power 

· The women’s retail industry is supplied by a multitude of global textile industries. The majority of textile firms operate in Asia.  

· Due the high number of textile firms, the industry is extremely competitive and retailers have some ability to negotiate purchase terms in their favour. Typically, retailers have many potential suppliers from which to source a new product line.

· Suppliers of specific apparel brands may have extensive power.  The fashionability of specific brands tends to change over time, sometimes rapidly.

Threat of Substitutes and New Entrants

· Although there is a great deal of uniqueness in fashion, clothing in general is a commodity. 

· Barriers to entry are low—it is relatively easy to start up a small local clothing retailer. 

· The largest barrier within the women’s retail clothing industry is marketing expenditures, which can involve massive advertising. 

· Smaller retailers can adapt to trends more quickly in comparison to larger retailers.  

· The barriers to exit are low since the inventory and assets can be liquidated fairly quickly. Over 80 percent of clothing retailers fail within their first five years of operations.

Degree of Competitive Rivalry

· Women’s clothing represents a significant proportion of consumer spending in North America and is considered a profitable market segment for retailers. 

· Competitive rivalry is high in the women’s retail clothing industry, with retailers fighting for market share through marketing campaigns, superior locations and brand differentiation.

· Even large retail firms have had difficulties dealing with competition and have experienced financial difficulty. 

· Average selling prices for most apparel have seen a long-term downtrend. Contributing factors include influx of imports, retail promotions, and market share gains by discounters.

Part B: Analysis Provided in “Less Extensive Strategic Analysis” Conditions
Strategic Business Risks
Anticipating and preparing for changing trends within the women’s retail clothing industry is a continuous challenge.  Since fashion trends change rapidly and often unexpectedly, women’s clothing retailers must anticipate and adapt to changes in consumer demand at the same time margins are coming under increasing price pressure. The lead time, or amount of time between a product order and its receipt, is a crucial factor in maintaining consumer satisfaction. The efficiency of the supply chain becomes increasingly essential when considering the costs of oversupply. Hence, based on this analysis, valuation of inventory is high risk due to rapid obsolescence.

Part C: Analysis Provided in “More Extensive Strategic Analysis” Conditions
Strategic Business Risks
Anticipating and preparing for changing trends within the women’s retail clothing industry is a continuous challenge. However, through efforts such as anticipation of consumer demand and the integration of technological resources, successful retailers can develop and maintain their core competencies.

Since fashion trends change rapidly and often unexpectedly, women’s clothing retailers must anticipate and adapt to changes in consumer demand at the same time margins are coming under increasing price pressure. Generally, smaller niche retailers adapt to fashion trends more quickly than large chain retailers due to their relatively small capital and inventory commitments. Although the anticipation and prediction of trends is often an unsuccessful effort, retailers that prepare for these changes generally have an ability to maintain long-term economic success.

The lead time, or amount of time between a product order and its receipt, is a crucial factor in maintaining consumer satisfaction. Therefore, successful retailers tend to have short lead times and have capable reordering systems. Furthermore, incorporating Internet and satellite-based EDI technology in the ordering process can significantly decrease lead times and increase the efficiency of the supply chain.


The efficiency of the supply chain becomes increasingly essential when considering the costs of oversupply. As a result of frequently changing trends, oversupply will ultimately result in discounted merchandise. In addition, retailers must understand the selection of brand names, sizes and colours to maintain an adequate inventory of selection. Once again, retailers who can anticipate the demand of their products and changes in trends will succeed in the long run.

Inventory management is an essential success factor in the women’s retail clothing industry. As the retailer’s most valuable asset, inventory levels must be maintained at a level where consumers can have selection while minimizing the possibilities of oversupply. Therefore, a careful balance must be maintained to ensure success in the industry. Multiple factors, including fashion shifts, political unrest in suppliers’ countries, weather (e.g., exceptionally mild or exceptionally cold winters), shipping workers’ strikes may easily threaten successful inventory management.

Exhibit 1: Strategic Business Risks

	Strategic Business Risk(s)
	Objective Affected

	Competitive Rivalry and Buyer Power: 

· Highly competitive industry due to quick changes in fashion, and low barriers to entry.

· Downward long-term trend in retail prices. 

· Bargain-hunting and “precision-shopping” trends
	Strategic: Aggressive sales growth objective may be difficult to achieve.

Audit: Due to the routine nature of sales transactions, valuation and existence of sales is low risk.  Accuracy and completeness of advertising expenses are moderate risk. Valuation of inventory is high risk due to rapid obsolescence.



	Supplier Bargaining Power: 

· Emphasis on the sale of top brands may create additional bargaining power for suppliers.
	Strategic: Threatens ability to provide top brand merchandise at fair price during peak season as most desired brands may not be available due to exclusive licensing arrangements or may only be available at a price point beyond what is acceptable to customers. There is also a risk of inventory stock-outs or dissatisfied customers.

Audit: Control environment may be negatively affected by pressure to obtain desirable brands.  Possibility arises of inappropriate or illegal interactions with suppliers. Revenue may be subject to undisclosed rebates to or from the supplier depending on demand for product. 



	Technology and Societal Changes:

· Rapid technological changes create a new (Internet) area for rivalry among large retailers.

· “Cocooning” (work and shop at home)

· Use of EDI technology and digital imaging reduce inventory management risk.
	Strategic:  If the customer is not able to obtain the high level of merchandise selection, quality, and service via Internet her loyalty may be reduced. Sales growth objective is affected. Inventory management risk (risk of over- or under-supply) is increased if technology fails to remain competitive with other retailers.

Audit: Control environment may be negatively affected by pressure to show success with Internet strategy. If strategy is weak, impairment of assets related to investments in e-Commerce will need to be considered. Efficiency of inventory management is increasing, reducing the risk of inventory obsolescence.




More


extensive strategic analysis





“All other” measures


























Less


extensive strategic analysis
































SBU specific benchmarked measures





SBU specific benchmarked measures





“All other” measures





More 


extensive strategic analysis





Less


extensive strategic analysis





-0.69





3.14





5.74





16.71





3.08





8.07





3.26





2.56








� Briers, Chow, Hwang and Luckett (1999) demonstrate judgment differences when type of benchmark changes in a product pricing context.


� See also Markman and Gentner (1993 a; 1993b).  Markman and Medin (1995) note and define the concept of commonalities, which are one-to-one matches along relevant dimensions of items to be evaluated.  For example, two applicants to an MBA program both have a CPA designation and three years of audit experience with a Big 4 firm.  Each of these features (e.g. CPA, years of audit experience, and firm type) would be considered a commonality.  The presence of more commonalities may affect decision maker level of comfort/confidence in their decision (e.g., Zhang and Fitzsimons 1999) but Markman and Medin (1995) provide evidence these are not relevant to evaluations and choices.


� See also Zhang and Markman (1998, 2001).


� See Libby, Salterio and Webb (2004) for evidence consistent with this in a managerial performance evaluation context


� All factual data necessary to carry out the strategic analysis is present as well as a brief outline of such an analysis (see Appendix Parts A and B with related discussion in experimental design section of this paper).


� The template does not provide a solution recommendation or preferred alternative, only a partial model of the process that generates the observations, hence it is not a “decision aid” (Messier 1995) as, by definition, decision aids involves “selection of courses of action” (208).  


� In a series of experiments using deductive reasoning, selection, decision-making, and counterfactual reasoning tasks, Legrenzi et al. (1993) and Legrenzi and Girotto (1996) document that explicit models provided to the participants can focus or de-focus individuals on a specific representation of a situation. They conclude that there seems to be a natural tendency for individuals to focus on elements that are explicitly represented in their mental model.  


� See Bibby (1992) and Van der Veer and Melguizo (2003) for reviews.


� Variants of this case (e.g. Banker, Chang and Pizzini 2004; Dilla and Steinbart 2005) have been used extensively in management accounting research starting with Lipe and Salterio (2000).


� Furthermore, the participants were trained in strategic analysis by their firm, firm policy was that strategic analysis must be done on every audit and was enforced by audit software that would not allow the audit to continue until the strategic analysis was completed, and all participants had experience in carrying out strategic analysis for their firm’s clients. These factors, in addition to random assignment of a relatively homogenous participant group to experimental cells, mitigates against the posited differences being attributed to lack of knowledge about strategic analysis or lack of practical experience in carrying out a strategic analysis.





� Indeed, the only significant differences among the demographic variables were months of audit experience and number of engagements in the retail industry experience.


� These 12 items were developed with the aid of two strategic management professors who independently listed the key concepts needed in the strategic analysis.


� There is no test for significant differences between these two numbers of significant links. 


� Similarity = Common links between two networks ÷ (Expected number of links in common by chance + Difference between the (observed and expected) number of links in common). The tail probability of the similarity statistic is p < 0.001, indicating that there is a very low likelihood that the two networks share the links in common by chance, and that they are statistically significantly different from each other (Goldsmith and Davenport 1990).


� For each pair of items in the network, Pathfinder calculates correlations between proximities (similarities, or distances, depending on the type of data) between these two items and all other items in the dataset, thus creating indirect relatedness measures. Then it computes correlations between the original proximity data with these indirect relatedness measures. The higher this latter correlation, the more consistent is the original proximity data with the indirect relatedness measures of other items. This latter comparison results in the reported coherence statistic (Schvaneveldt 2005).  


� Higher values of coherence indicate more consistent data (KNOT 1990, 2).


� Tail probability < 0.001.


� Tail probability < 0.05.


� Sources: Statistics Canada, the Bank of Canada, and Human Resources Development Canada. Annual statistics for 2003 are not available at the time this document was prepared.
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